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® Demo: Fluss + Lance 1 ZESEIE
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® Demo: Fluss + Lance ¥ ZESEIEH

. B&) Fluss #in

5.
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Z&xFlussflLance Python Lib

—IRARSS

. BEEFlussEe B ER
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ZIESEBIES NFluss &
Fluss ZUiEBsh N\ iiliLake

7. nEFLanceB® K ZPandas%o #T
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$> pip install python-for-fluss pyarrow pylance pandas

./bin/flink run <path_to_jar>/fluss-flink-tiering-0.8.jar \

——Tfluss.bootstrap.servers localhost:9123 \

——datalake

——datalake.
——datalake.
——datalake.

——datalake
——datalake

——table.datalake

.format lance \
lance.
lance.
lance.
. lance
. lance
——datalake.

warehouse s3://lance \
endpoint http://localhost:9000 \
allow_http true \

.secret_access_key minioadmin \
.access_key_id minio \
lance.

region eu-west-1 \

.freshness 30s
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® Demo: Fluss + Lance ¥ ZESEIEH

FEihiiE

1.2 % FlussflLance Python Lib
2. |35 Fluss #iR—&RS

3. E¥EFlussE B HER

4. PR ZESEIE(E F)

5. ZEEEIES A\Fluss &

6. Fluss ZiEH I\ itiLake

7. nEFLanceB® K ZPandas%o #T

QCon
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import fluss
import pyarrow as pa

«~ async def create_table(conn, table_path, pa_schema):
# Create a Fluss Schema
fluss_schema = fluss.Schema(pa_schema)
# Create a Fluss TableDescriptor
table_descriptor = fluss.TableDescriptor(
fluss_schema,
v properties={
"table.datalake.enabled": "true",
"table.datalake.freshness'": "30s",
}’
)
# Get the admin for Fluss
admin = await conn.get_admin()
# Create a Fluss table
await admin.create_table(table_path, table_descriptor, True)

J
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® Demo: Fluss + Lance ¥ ZESEIEH

4 )
IS 2
TERE

1 import os

1.Z & FlussflLance Python Lib 2 ~ def process_images(schema: pa.Schema):
3 # Get the current directory path

_ 4 current_dir = os.getcwd()
HAZs 2 =

2. EE}] Fluss 1EH/}||, Msﬂﬁjj 5 images_folder = os.path.join(current_dir, "image")
6 # Get the list of image files

3. \$}ﬁF|USSEE¥ E% 7 image_files = [filename for filename in os.listdir(images_folder)

Aeis = 94: 8 if filename.endswith((".png", ".jpg", ".jpeg"))]

9 # Iterate over all images in the folder with tqgdm

4. ﬂﬂﬁ*ﬁ:u;&*&()ﬂf) 190 ~ for filename in tgdm(image_files, desc="Processing Images"):
11 # Construct the full path to the image

— 12 image_path = os.path.join(images_folder, filename)

S. *i""‘ﬂjﬁ‘_a)\lzluss % 13 # Read and convert the image to a binary format
14 ~ with open(image_path, 'rb') as f:

6. Fluss #2IEHsh N\ #Lake 15 binary_data = f.read()
16 image_array = pa.array([binary_datal, type=pa.binary())
17 # Yield RecordBatch for each image

y Y
7. hui}zLancel)—*.;tIJPandas *ﬁ 18 yield pa.RecordBatch.from_arrays([image_array], schema=schema)
NG /
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® Demo: Fluss + Lance ¥ ZESEIEH

1.%%FlussflLance Python Lib
2. |35 Fluss #iR—&RS
3. E¥EFlussE B HER
4. R SIESEIE(ER)
5. ZARSEWES N\Fluss &
6. Fluss ZiEH I\ itiLake

7. nEFLanceB® K ZPandas%o #T

J

QCon
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~N
1 ~ async def write_to_fluss(conn, table_path, pa_schema):

2 # Get table and create writer’

3 table = await conn.get_table(table_path)

4 append_writer = await table.new_append_writer()

5 w try:

6 print("\n--— Writing image data —--—-")

7 ~ for record_batch in process_images(pa_schema):

8 append_writer.write_arrow_batch(record_batch)

9 ~ except Exception as e:

10 print(f"Failed to write image data: {e}")

11 ~ finally:

12 append_writer.close()

/
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® Demo: Fluss + Lance 1 ZESEIE

1. %% FlussflLance Python Lib
2. |3l Fluss #ii—& RS

3. E¥EFlussE B HER

4. R SIESEIE(ER)

5. SESEIES AFluss &

6. Fluss &#E B\ ifiLake

7. nEFLanceB® K ZPandas%o #T

7

J

QCon
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Running Jobs
é Job Name Start Time Duration End Time Tasks Status
Fluss Lake Tiering Service 2025-08-21 11:14:07.001 am 24s 878ms 1 )
4 lance / fluss / images_minio.lance
- Name

_transactions

_versions

data
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® Demo: Fluss + Lance ¥ ZESEIEH

1. %% FlussflLance Python Lib

2. |35 Fluss #Mi— RS

3. F¥EFlussEMHER

. 5U:EELS715§qu§&jﬁE(EEJE%)

5. ZESEHIBE NFluss &
6. Fluss ZE B N\ jtiLake

7. MEFLanceB® K ZIPandas%o #T

J

QCon
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~N

i import lance

2 import pandas as pd

3 +~ def loading_into_pandas(table_name):

4 dataset = lance.dataset(

5 "s3://lance/fluss/" + table_name + ".lance",

6 v storage_options={

7 "access_key_id": "minio",

8 "'secret_access_key": "minioadmin",

9 "endpoint": "http://localhost:9000",

10 "allow_http": "true",

1 P

12 )

13

14 df = dataset.to_table().to_pandas()

15 print("Pandas DataFrame is ready")

16 print("Total Rows: ", df.shapel0])
J
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® Fluss REFML
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Apache Fluss LanceDB

https;//github.com/apache/ﬂUSS https://github.Com/Iancedb/Iancedb

g https://fluss.apache.org/ %\‘Q https://lancedb.com/
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Streaming
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